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Abstract
Amid the widespread diffusion of digital communication technologies, our cities are at a critical juncture as these tech‐
nologies are entering all aspects of urban life. Data‐driven technologies help citizens to navigate the city, find friends, or
discover new places. While these technology‐mediated activities come in scope of scholarly research, we lack an under‐
standing of the underlying curation mechanisms that select and present the particular information citizens are exposed to.
Nevertheless, such an understanding is crucial to deal with the risk of the socio‐cultural polarization assumedly reinforced
by this kind of algorithmic curation. Drawing upon the vast amount of work on algorithmic curation in online platforms, we
construct an analytical lens that is applied to the urban environment to establish an understanding of algorithmic curation
of urban experiences. In this way, this article demonstrates that cities could be considered as a new materiality of cura‐
tional platforms. Our framework outlines the various urban information flows, curation logics, and stakeholders involved.
This work contributes to the current state of the art by bridging the gap between online and offline algorithmic curation
and by providing a novel conceptual framework to study this timely topic.
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1. Introduction
The pervasiveness of digital communication technolo‐
gies in our urban environments results in large amounts
of data. These high volumes of data not only provide the
means to monitor particular aspects of urban life, such
as air quality or traffic; they also increasingly subject it
to mediation by code (Amin & Thrift, 2002). Technology‐
mediated activities, in so‐called smart cities, are indeed
(re)producing urban spatiality (Ballon & Smets, 2021;
Ridell & Zeller, 2013): citizens use digital applications to
discover new destinations (e.g., Tripadvisor), places to
eat or rest (e.g., Airbnb), or navigate the urban envi‐
ronment (e.g., Waze). Mediation, however, inherently
comes with curation. While mediation refers to the orga‐
nizational structure of an intermediary in between mul‐
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tiple actors, curation deals with the specific activity of
selecting and presenting the information through the
intermediary (Rader & Gray, 2015). Currently, this type
of curational activities of digital intermediaries is a con‐
tentious topic among media and communication schol‐
ars. This line of research focuses on the curational role
of algorithms in online platforms, such as Facebook or
Twitter, and their ability to shape how we see, experi‐
ence, and understand the world (Bucher, 2018; Kitchin
& Dodge, 2011; Willson, 2017).
The intensified mediation through data‐driven urban
technologies, however, results in the curational prac‐
tices of algorithms no longer being limited to the mere
online world (Foth, 2017). The ubiquity of these tech‐
nologies is reconfiguring time‐space relationships and
consequently citizens’ relation with the city and each
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other, both online and offline. This raises fundamental
questions as to what extent the urban space can still ful‐
fill its role as public space and facilitate social encoun‐
ters (McQuire, 2016). Therefore, the question of how we
experience the urban space is more than a trivial ques‐
tion; it relates to the degree in which we interact with
others and experience unpredictable encounters, which
has been considered essential to foster necessary skills
for cosmopolitan civility (Jacobs, 1961; Sennett, 1978).
It is therefore crucial to understand how the use of algo‐
rithms and their curational practices could change our
urban experience, both from an individual and societal
point of view. What are the consequences of citizens’
exposure to these algorithms? Can they exclude peo‐
ple from particular public places? Are citizens prone to
end up in so‐called “urban filter bubbles” (Smets et al.,
2019)? These are some of the many questions that illus‐
trate that urban algorithms should be subject of critical
research as well (Foth, 2017; Graham, 2005). While the
intersection of urbanism and digital technologies (e.g.,
algorithms) is typically in scope of the smart city dis‐
course, to the best of our knowledge, little attention has
been paid to the curational role of algorithms in this
field. At the same time, the current study of algorithmic
curation itself is mainly grounded in traditional commu‐
nication studies and lacks a foundation that takes into
account the specific nature of the urban context (Foth,
2017). This work sets out to address this shortcoming
and develop a framework to organize the research of
algorithmic curation of urban experiences. Drawing upon
the vast amount of work of algorithmic curation in online
platforms, we construct an analytical lens that is subse‐
quently translated to the urban environment, in order
to establish our framework on algorithmic curation of
urban experiences.
2. Methodological Approach
The aim of this work is to unpack algorithmic curation
of urban experiences. In other words, to provide an ana‐
lytical framework that can be used to guide the study
of algorithmic curation of urban experiences. In the last
decade, media and communication scholars increasingly
started to discuss algorithmic curation in online plat‐
forms, such as Facebook or Google Search (e.g., Rader,
2017; Trielli & Diakopoulos, 2019). While it is clear that
we cannot simply apply their understanding of algorith‐
mic curation to the physical urban environment (Foth,
2017), we can draw some important insights from these
works and use it to develop an analytical perspective
that can be applied to the urban context. After all, this
intensified mediation through data‐driven urban tech‐
nologies can simply be considered as a new materiality of
curational platforms: context media. Thanks to the affor‐
dances provided by new technologies (e.g., location ser‐
vices, sensing capabilities, etc.), platforms such as Waze
or Uber are able to tailor their services towards an indi‐
vidual context. These services are not only taking into
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account one’s individual preferences, but also increas‐
ingly rely on additional information such as what you are
doing, where you are, and what that particular context
looks like. An example is Uber’s controversial technique
of “surge pricing” where cab fares depend on contex‐
tual factors such as weather or traffic conditions (Guda
& Subramanian, 2019). This notion of context media has
been described in literature using different terminolo‐
gies, such as “locative” or “urban” media (de Waal, 2013).
However, this relationship and (dis)similarities with algo‐
rithmic curation in merely online platforms has remained
largely unexplored.
This work mainly draws upon a literature review that
has been conducted using Google Scholar as research
database. Google Scholar is known to have a broad
reach in terms of disciplines; however, this broadness
is also a challenge in terms of volume (Martín‐Martín
et al., 2018). We therefore only included English peer‐
reviewed articles, from both journals and conferences,
and academic book sections. To select the search terms
for our literature study, we started from the key con‐
cepts of our research scope (cities, algorithmic cura‐
tion, and experiences), and, for each of these con‐
cepts, we constructed a list of related terms (e.g., urban
space[s], smart city, algorithmic shaping, citizen expe‐
rience[s]). These search terms were then combined in
such a way that our search results would represent
the intersection of the three key concepts. This was a
challenging exercise: Some combinations did not result
in any (or very few) results, whereas others resulted
in an explosion in terms of retrieved documents (over
10 thousand results). We learned that the particular
combination of “algorithmic curation” and “urban expe‐
riences” was a constraining factor, which strengthens
the hypothesis that algorithmic curation of urban expe‐
riences has rarely been discussed. Consequently, we
had to find the balance between sensitivity and speci‐
ficity. We decided to relax our search conditions in two
ways. First, we only combined search terms related to
“city” and “algorithmic curation” and collected those
results. Second, we combined the three key concepts
but no longer used the particular wording of “algorith‐
mic curation” and relaxed the search term to “algorithm”
instead. In what follows we will refer to these searches as
Search 1 (city + algorithmic curation) and Search 2 (city
+ algorithm + citizen experiences). This literature review
was performed in December 2019. Search 1 resulted
in a final selection of 65 articles, based on the above‐
mentioned criteria, accessibility, and relevance for our
work. Interestingly, although search terms related to
“city” were explicitly mentioned, none of these articles
actually dealt with algorithmic curation in urban envi‐
ronments. The majority of these studies discuss algo‐
rithmic curation in online (social) media environments,
such as platforms like Facebook or Twitter. The articles
were nonetheless highly relevant as they were the basis
to develop our understanding of algorithmic curation
in general (cf. Section 3). Search 2, on the other hand,
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resulted in articles that were very much centered on
cities and urban contexts. However, since we searched
for “algorithms” instead of “algorithmic curation” most
of the articles discussed algorithms from a rather tech‐
nical point of view. More specifically, from the 71 arti‐
cles that matched our above‐mentioned criteria, another
60 items were excluded because their content did not
match our research scope at all. The remaining 11 arti‐
cles were used to construct the analytical framework for
the urban context (cf. Section 4).
In the remainder of this work, we will address our
research question about how algorithmic curation of
urban experiences can be studied. We will first elabo‐
rate on the notion of algorithmic curation (based on
results from Search 1 and develop an understanding
of the building blocks that we consider to be core of
its study. Subsequently, we will translate these building
blocks to the urban scene and elaborate them based on
the literature in our review (results from Search 2) and
complement them with examples known by the authors.
Following this, we present an integrative approach to
study algorithmic curation of urban experiences and dis‐
cuss how this can be put into practice.

atic way to analyze the gatekeeping functions of algo‐
rithmic curation, so‐called “algorithmic audits” (Bandy &
Diakopoulos, 2019; Sandvig et al., 2014).
Despite the opaqueness of algorithms (“black
boxes”), people seem to develop strategies to game the
algorithm. Even though they do not know how the algo‐
rithm works, by experimenting with it and adapting their
behavior, they develop strategies to make use of the
algorithm in their own favor (Bucher, 2017; Eslami et al.,
2016). As put by Rader and Gray (2015): “They adapt
their behavior to correspond with how they believe the
system works, in order to accomplish their goals for using
the system” (p. 8). Some users, for example, claim to
use another computer to prevent ending up in a “filter
bubble” (Bilandzic et al., 2018). Napoli (2018) even talks
about an entire industry that “has arisen around optimiz‐
ing content for social media curation algorithms” (p. 8).
This means that there is an (unconscious) response to the
feedback loop characteristics of these systems. These
feedback loops are hence an important factor in shap‐
ing the overall system behavior and should therefore be
considered in the analysis of algorithmic curation (Rader
& Gray, 2015).

3. Studying Algorithmic Curation

3.2. Curation Logics and Multi‐Stakeholder
Configurations

By analyzing the literature that deals with algorithmic
curation we identify four main constructs to guide its
study: information flows, feedback loops, curation logics,
and multi‐stakeholder configurations.
3.1. Information Flows and Feedback Loops
Algorithmic curation is most commonly defined as “orga‐
nizing, selecting, and presenting subsets of a corpus
of information for consumption” (Rader & Gray, 2015,
p. 1). Many authors indeed refer to particular mech‐
anisms that influence particular flows of information,
such as selecting, organizing, filtering, prioritizing, clas‐
sifying, and associating (Eslami et al., 2015; Liu, 2010,
2012; Prado, 2014; Rader & Gray, 2015; Shapiro & Hall,
2018; Thorson & Wells, 2015b). In this stream of thought,
the algorithm is thus considered to be (part of) a digital
information intermediary. Algorithmic curation is there‐
fore often associated with gatekeeping: “The process of
culling and crafting countless bits of information into
the limited number of messages that reach people each
day” (Shoemaker & Vos, 2009, p. 1). However, whereas
traditional gatekeeping theories emphasize the negat‐
ing role of such processes (Thorson & Wells, 2015a),
the notion of curation rather stresses the idea of pro‐
moting content (Swords, 2017). In this sense, curation
is more appropriate for our contemporary media envi‐
ronments characterized by information overload and
attention scarcity (Thorson & Wells, 2015a). An inter‐
mediary having this gatekeeping (or curational) power
has “a major lever in the control of society” (Bagdikian,
1983, p. 226) and therefore scholars plea for a system‐
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Such analysis should not be limited to the algorithm
itself. Scholars like Kitchin (2017b) and Seaver (2019) call
for the study of algorithms in their “full socio‐technical
assemblage” which requires an assessment including
all actors. Indeed, algorithms do not originate from a
void and they should be examined as sociotechnical con‐
structs influenced by their context of creation and use
(Seaver, 2019). Grounding in the literature concerned
with information flows in media environments, Thorson
and Wells (2015a) argue that different curating actors
do not exist next to each other and rather show a sig‐
nificant degree of overlap or intersection. They call for
an empirical investigation of the extent to which these
interactions occur, with particular attention to the “cura‐
tion logics” of these actors. These logics refer to the
“particular interests, norms, incentives and network posi‐
tions” that play an essential role in the decision about
which content to present (Thorson & Wells, 2015a, p. 5).
The identification of these curation logics is argued to be
“useful to structure theory and guide empirical research”
(Landerer, 2013, p. 248).
The importance of the curation logics of multiple
actors refers to the multi‐sidedness of algorithmic cura‐
tion. In the literature, we observe three stands of
research each discussing a different side: (1) End‐users—
examining how algorithmic curation influences users’
content exposure on social media (Bandy & Diakopoulos,
2019; Diakopoulos, 2015; Nelimarkka et al., 2018; Rader,
2017; Yatid, 2019), their exposure to diverse news
(Ku et al., 2019; Wohn & Bowe, 2016) or fake news
(Cohen, 2018), or users’ feelings and beliefs about the
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algorithmic curation (Bucher, 2017; Eslami et al., 2015,
2016; Rader & Gray, 2015); (2) providers—studying the
actor who provides the information that is curated, such
as journalists who create online news content (Usher,
2017); (3) operators—examining the algorithm and its
operator, for example Bernal’s (2018) discussion on how
Facebook’s business model makes the fake news prob‐
lem inevitable.
Summarizing, the study of algorithmic curation
should be guided by the following questions: What infor‐
mation flows are being curated? Which feedback loops
can be identified? Who are the different stakeholders
involved? What are their curation logics? However, in
order to apply this to the urban context we need to be
able to identify the algorithmic mediators that curate the
information and eventually understand how these relate
to one another, as well as the urban experience itself.
4. Setting the Urban Scene
So far, we mainly discussed curation in online platforms
such as Facebook. However, the premise of this work
is that a new materiality of curational platforms arises:
the urban scene. There is indeed a growing line of
work that focusses on the spatiality of media such as
Foursquare, Pokémon Go, or Waze. However, the per‐
sonal applications that people use in their everyday life
are not the sole algorithmic mediators in the urban
sphere. Indeed, the last decade has been character‐
ized by cities increasingly implementing digital technolo‐
gies, both in the public environment and public services
(Ballon & Smets, 2021). The main difference between
purely online platforms such as Facebook and those that
operate at the intersection of offline and online, is their
ubiquity. As a consequence, the identification of these
mediators and the information flows they curate is par‐
ticularly challenging. Before addressing this, we start
with a brief discussion of the essential building blocks of
information—data.
4.1. Urban Data Landscape
When discussing data in an urban setting, most people
think of “urban operational data” generated by sensors
monitoring air quality or cameras counting road traffic.
However, there are many other data sources contribut‐
ing to the urban data landscape (Kitchin, 2017a). Mobile
phone operators generate data about people’s location;
and social media and websites such as TripAdvisor or
Airbnb generate data that to a large extent reflect per‐
sonal experiences of citizens (photos, reviews, likes, etc.;
Cervantes et al., 2016; Foth et al., 2011). Another cate‐
gory of “data providers” are organizations such as finan‐
cial institutions or retail chains that generate data on
financial transactions and purchases. All of these com‐
panies and platforms are increasingly making their data
publicly available through API’s or sell them through data
brokers (Kitchin, 2017a). Another emergent type of data
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source is crowdsourcing or citizen science. Here, citizens
actively contribute to data collections (e.g., Open Street
Map) or even install their own data collection infrastruc‐
ture to collect data about their neighborhood. The dis‐
tinctive feature of most of this data (and related tech‐
nologies) is their velocity, or real time character (Kitchin,
2014). This enables a wide range of curational activ‐
ities that require algorithmic mediators that can ana‐
lyze and act upon this data simultaneously. Perhaps the
most common example is traffic, where real time data
from various sources is used to fuel personal navigation
applications such as Waze. However, other more inno‐
vative scenarios exist where such real time data is used
to physically alter the urban infrastructure. For exam‐
ple, by means of changing the function of a partic‐
ular zone (e.g., vehicles vs. pedestrians). The remain‐
der of this section is set out to identify those differ‐
ent types of algorithmic mediators and discuss their
multi‐stakeholder configurations.
4.2. Urban Information Flows
Following our understanding of algorithmic curation
developed in the previous section, we first need to
identify digital intermediaries in cities in order to ana‐
lyze the algorithmically curated urban information flows.
Drawing from case descriptions discussing data‐driven
urban technologies, we identify two main categories of
urban mediators that will be core in our conceptual
framework: networked people and urban infrastructure
(Figure 1).
4.2.1. Networked People
This category represents digital services that citizens
directly interact with. Indeed, in contemporary cities, cit‐
izens are participating members of a greater collective
and technology aims to strengthen this connectedness
among citizens as well as their environment (Foth et al.,
2011). In this sense, citizens are increasingly networked
people. This category consists of personal applications
such as smartphone applications or websites. For exam‐
ple, a smartphone application providing personalized
recommendations to tourists about points of interest in
a particular area (Cervantes et al., 2016). The navigation
application Waze is another exemplary case of how peo‐
ple use digital interfaces to consult information and gen‐
erate knowledge about their urban environment. In this
case, the application is often no longer a mere infor‐
mation intermediary, but also acts as an actual guide
through the roads with the least traffic. Personal appli‐
cations can also be used to connect with other people
in the environment. Citysocializer is such an application
that aims to facilitate meeting new people and making
friends in your own city by attending social events. Apart
from applications and services to meet new people, pop‐
ular applications like Facebook, Yelp, or Find My (Friends)
also allow users to share their location with their friends.
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Figure 1. Identified algorithmic mediators in the urban context, and their impact on user behavior and the public space.
Another type of application in this category are commu‐
nity platforms such as Nextdoor or Hoplr. These appli‐
cations are oriented towards community building and
bringing together people from the same neighborhood
by facilitating the exchange of information or goods. By
establishing this sense of community, these platforms
also aim to enhance the overall experience of a particular
neighborhood (De Meulenaere et al., 2020). Apart from
personal applications, we also distinguish more generally
available digital information systems, such as digital sig‐
nage that can be found on city squares. Citizens can con‐
sult these systems to gather information about the envi‐
ronment, such as information on upcoming events or an
overview of pleasant walking routes in the area (Koto &
Bandung, 2016).
Each of these services thus mediates information
and, in this way, also inevitably engages in curational
practices by deciding which information to filter, select,
or present. Similar to the Facebook algorithm deciding
which friends most frequently pop up on your newsfeed,
the Citysocializer algorithm could greatly influence your
new group of friends by recommending particular types
of events. The information that is curated by these inter‐
mediaries could greatly affect citizens behavior, for exam‐
ple by suggesting where to go. Therefore, we assemble
the impact of these curated information flows in the
notion of user behavior, the collection of actions under‐
taken by citizens. The latter represents a crucial connec‐
tion to the physical public space, as will become evident
in the following sections.
4.2.2. Urban Infrastructure
The urban infrastructure represents a second category
of technologies that mediate the urban experience.
The main difference with the previous category is the
level of human agency. In the category of networked peo‐
ple, citizens have to take the initiative to consult infor‐
mation, i.e., they “pull” information. Contrary, the infor‐
mation that is mediated by the urban infrastructure is
rather “pushed” upon the citizen. This category of medi‐
ators thus acts independently from any user interaction.
Although an in‐depth discussion goes beyond the scope
of this article, this distinction has far‐reaching conse‐
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quences, not in the least for the degree to which citizens
can control the algorithmic curation they are subjected
to or to what extent they can develop the skills to cope
with it.
We identify two types of intermediaries in this cate‐
gory: (1) city data and analytics platforms, and (2) respon‐
sive urban environments. The former refers to algorithm‐
based decision‐support systems, such as dashboards or
knowledge discovery tools that can inform city admin‐
istrations about changes to the urban infrastructure
(Al Nuaimi et al., 2015; Foth et al., 2011; Hanzl et al.,
2012; Lim et al., 2018; Mora et al., 2017). This could be,
for example, a citizen experience dashboard that “allows
public administrations to understand the real expecta‐
tions of the citizens to optimize investments or even pre‐
dict the potential impact on citizens when redesigning
the services” (Abella et al., 2017, p. 51). These dash‐
boards are driven by data on citizens’ experiences that
could be provided directly (e.g., through surveys) or col‐
lected indirectly (e.g., posts on social media). Changes to
the urban infrastructure could relate to public services
such as public transport but also to urban planning and
city infrastructure. An example are so‐called “urban dig‐
ital twins” (Mohammadi & Taylor, 2017): (real‐time) spa‐
tiotemporal data‐driven models of the city that allow pol‐
icy makers to rely on predictive modelling techniques
to study the impact of a particular change to the urban
infrastructure. Such a digital twin can be used to predict
what happens to the air quality when a particular area
would be turned into a pedestrian zone. This kind of city
data and analytics platforms thus enable city administra‐
tions to make informed decisions about possible changes
to the urban infrastructure, both public services and the
public space.
A responsive urban environment, on the other hand,
refers to an element of the physical urban space that
is capable of acting upon data and adapting itself to
it. A digital advertisement that adapts to the emotions
of passers‐by, and thereby eventually influences their
experience, for example. This kind of technology is able
to capture people’s emotions and react to it, so‐called
“emphatic media” (McStay, 2016). The latter differs from
the digital signage described in the previous section, as
this one adapts itself regardless of any user interaction.
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Another example of urban responsiveness is illustrated
by adaptive street environments: “the morphological
transformation of the urban space enabled by smart
sensors and responsive materials for adaptive options”
(Andreani et al., 2019, p. 18). An example could be
dynamic adjustments of traffic lanes with respect to vehi‐
cle flows or increasing presence of bikers and pedestri‐
ans, or adaptive traffic lights based on the actual traf‐
fic demand.
4.2.3. Interaction Effect
Finally, we want to address the missing link in the dis‐
cussion so far: the relationship between networked peo‐
ple and the urban infrastructure. As said before, we
consider public space to be constantly (re)produced
through human activities (cf. the dotted line in Figure 1).
Consequently, it is important to take into account how
algorithmic curation could play a role in this relation‐
ship. For example, in our exemplary case of Waze, evi‐
dence shows that the use of Waze increases the traffic
flow in smaller streets, which are often only designed for
local traffic (Fisher, 2020; Macfarlane, 2019). As a con‐
sequence, these small streets suffer from the increasing
volume of through traffic, e.g., resulting in increased con‐
gestion or accelerated deterioration of the road surface.
This means that even when citizens do not use Waze
themselves, their urban experience could be influenced
by others who do. At this particular intersection of indi‐
vidual user behavior and the public space, the identi‐
fication of conflicting interests among various actors is
most emergent.
4.3. Urban Curation Logics and Multi‐Stakeholder
Configurations
Our understanding of algorithmic curation of urban expe‐
riences also needs to encompass an analysis of the cura‐
tion logics, i.e., the logics behind the mechanisms that
curate the information flows. Here, one should iden‐
tify the different stakeholders involved and their corre‐
sponding interests and motivations. However, the spe‐
cific group of stakeholders and their interaction typically
depends on the specific case, and therefore we omit a
detailed discussion here. On a general level, we iden‐
tify the following stakeholder categories: End‐users, the
ones who receive the information, most often citizens
in the urban context; providers, those who (indirectly)
provide the data, e.g., retailers, points of interest or city
administrations; service operators, the entity who oper‐
ates the service in which the algorithms are embedded;
and society, those who represent the stakes of society,
i.e., the common good.
It is clear that these categories are non‐exclusive and
thus serve as a means to guide the identification of the
stakeholders rather than a strict categorization. While
the first three categories are in line with the categories
previously identified in our discussion in Section 3.2,
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the fourth one has not yet been formulated explicitly.
The societal impact of online algorithmic curation is most
often considered as an aspect of the service operator
itself (cf. discussions on accountability). However, in this
case of the urban environment, we value the explicit
modelling of this category as a separate one, because
in public space there is the inherent involvement of city
administrations and/or governments who have to safe‐
guard the public interest, which might conflict with oth‐
ers’ interests (Smets et al., 2020). The increased traffic
in residential areas due to the use of Waze (Fisher, 2020)
is again an example of such conflicting curational logics.
While the end‐user might indeed want to take the fastest
route from point A to B, from a societal point of view
this might not be desired due to the resulting congestion
or deterioration in small streets. At first sight, this might
seem a mere practical issue in the sense that people
lose time or roads should be maintained more frequently.
However, this increased traffic also changes the safety
and hence the social function of these streets. Whereas
normally children can play on the streets, this will no
longer be the case when the traffic increases. This not
only affects the children, but also the parents who often
get to know each other by getting out on the streets
while their children play. This example clearly illustrates
the complex interplay between the curation logics of mul‐
tiple stakeholders and will be a crucial building block of
the study of algorithmic curation.
5. Towards an Integrative Approach
We conclude this discussion by presenting an integra‐
tive framework (Figure 2) that illustrates the identified
urban algorithmic mediators and information flows that
might eventually alter the urban experience, thereby
addressing our main research question. Our framework
illustrates that there are multiple ways for algorithms
to curate urban experiences, however, the actual rela‐
tionships are much more complex compared to how
they are depicted in Figure 2. As highlighted before, we
should also take into account feedback loops: For exam‐
ple, citizens sharing their experiences on social media
could provide data for urban digital twins (Mohammadi
& Taylor, 2020).
By breaking down the different steps from data to
the urban experience, this framework allows to ana‐
lyze the curation mechanisms (selecting, organizing, etc.)
that act upon the information flows and thus structure
the study of algorithmic curation of urban experiences.
This framework not only allows to structure empirical
research to investigate a particular phenomenon, but
also to facilitate comparative research or study the nor‐
mative aspects of algorithmic curation. The latter could
for example relate to the formulation of particular nor‐
mative principles for algorithmic systems, where the
framework allows to investigate if and to what extent this
principle should apply to different information flows or
how it can be operationalized.
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Figure 2. Framework on algorithmic curation of urban experiences.
The operationalization of the research would then
require studying algorithms, which is known to be a dif‐
ficult task. Different research methods have been sug‐
gested such as interviewing designers, reverse engineer‐
ing, or examining pseudo‐code (Kitchin, 2017b). We sug‐
gest that the study of these algorithms is accompanied
by a stakeholder mapping in order to take into account
the broader socio‐technical setting. The stakeholder cat‐
egories mentioned in the previous section can be used
as a starting point to identify the specific stakeholders
involved and how their interests define or influence the
curation logics. Here, the most important question is to
identify the overall strategic objectives of each actor and
how these potentially result in incompatible or compet‐
ing curation logics. There is also the possibility to conduct
user studies looking closely into the citizens’ experiences
of these curational activities. To do so, there is a broad
range of user research methodologies that already has
been extensively used in urban contexts, such as surveys,
focus groups or large‐scale experimental designs often
referred to as “living labs” (Ballon & Schuurman, 2015).
6. Conclusions
This work originated from our interest in algorithmic
curation in urban environments, and the observations
that on the one hand, the current study of algorith‐
mic curation lacks a foundation that takes into account
the specific nature of the urban context, whereas, on
the other hand, the smart city discourse that is partic‐
ularly concerned with the interplay of digital technol‐
ogy and urbanism, fails to capture this curational aspect
of algorithms. To address this shortcoming, we present
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an analytical approach to study algorithmic curation of
urban experiences, building upon prior work in media
and communication studies, and elaborated upon by
means of case examples in the urban realm. More specif‐
ically, we identified urban algorithmic mediators, con‐
sisting of networked people and urban infrastructure,
discussed the notion of urban curation logics, and cat‐
egorized potential stakeholders. The latter can be used
as a starting point to identify the specific stakeholders
involved, and how their interests define or influence the
curation practices.
The main limitation of this study is the degree to
which each of the components in the framework is elab‐
orated. Although we acknowledge this shortcoming, we
believe that our work could serve as a starting point
for extensions or adjustments based on further research.
We acknowledge that the current framework is indeed
just a conceptual one and would thus benefit from an
empirical verification. Future work could address this by
applying the framework to actual use cases. This will not
only demonstrate its empirical value but also help to
refine it. As such, the study at hand attempts to be a first
valuable contribution to the critical study of algorithmic
curation in urban contexts and remains open to empir‐
ical verification, extensions, and adjustments as more
research in this field emerges.
In this way, we present a first approach towards
the study of algorithmic curation in urban environments
and more specifically the algorithmic curation of urban
experiences. Our analysis indicates some similarities
with algorithmic curation in online platforms. However,
the physical characteristics of the urban environment
require an adjusted approach to study algorithmic
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curation in the urban context. After all, algorithms can
influence urban experiences without a direct technolog‐
ical interface towards the citizen, for example through
the urban infrastructure. Moreover, a significant interac‐
tion effect exists between individual user behavior and
the public space that can have complex (in)direct conse‐
quences. These findings illustrate that there is definitely
a continuation of algorithmic curation from the online to
the offline world, and that its study requires a full socio‐
technical approach both in terms of actors and physi‐
cal places. We believe that this framework can set the
scene for further research in this field that not only con‐
siders the curational practices themselves, but also inves‐
tigates related concepts and phenomena in more depth.
For example, if and how citizens might develop strategies
to “game the algorithm.” Inspired by the German artist
Simon Weckert (2020), who generated a virtual traffic
jam in Google Maps by walking through a street with 99
mobile phones in a handcart, we could imagine that citi‐
zens adopt a similar hack to avoid Waze‐users disturbing
their quiet neighborhood. By extending the scope of algo‐
rithmic curation to the urban environment, we hope this
work inspires other scholars to study phenomena that
we know online, in the offline world as well.
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