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Abstract
Many government‐sponsored policies and programs have been implemented in recent years to reduce digital inequality,
but research on the effectiveness of such programs is severely lacking. We examine the short‐term effects of participation
in Lehava, the largest such program in Israel. Participants in our study completed a survey before and after taking introduc‐
tory computer and internet classes. The findings demonstrate that motivations for participating in the program (measured
before taking the course), as well as knowledge gains (i.e., differences between levels of familiarity with concepts before
and after taking the course), were predicted almost exclusively by participants’ perceptions of technology and the inter‐
net, and not by socio‐demographic or other variables. We conclude by discussing the significance of perceptions over and
above socio‐demographic considerations for bridging digital inequality gaps.
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1. Literature Review

1.1. Digital Inequality: Background and Significance

Social inequality based on factors such as age, gender,
education, socioeconomic status, ethnicity, and religious
status has been around since the dawn of history and
has implications for access to resources, the ability to
use them, and the economic, cultural, social, and polit‐
ical capital of individuals and groups. The massive infil‐
tration of information and communication technologies
(ICTs) into many spheres of our lives has illuminated a
new phenomenon: digital inequality between individu‐
als and groups based on access to technology, capabili‐
ties, attitudes towards technology, and usage (Robinson
et al., 2015; van Dijk, 2012).

The study of digital inequality is important due to
the multitude of contexts in which internet use may ben‐
efit users (Scheerder et al., 2017). Research from the
past two decades demonstrates that internet use may
lead to dramatic results in a variety of contexts, includ‐
ing social and political participation (Kang & Gearhart,
2010), employment (DiMaggio&Bonikowsky, 2008), con‐
sumerism (Kaplan & Haenlein, 2010), and many more.
Thus, van Dijk (2012) proposes a four‐part model of digi‐
tal inequality: user motivation, material access to tech‐
nology, user skills, and actual usage (DiMaggio et al.,
2004; Helsper, 2012; Scheerder et al., 2017). The lack
of accessibility and informed usage capabilities can lead
to the exclusion of groups and individuals from key are‐
nas of social discourse and prevent them from accumu‐
lating resources and developing capabilities (van Dijk,
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2005), resulting in exclusion in many contexts (i.e., multi‐
ple deprivations; Castells, 2002).

The study of digital inequality originally focused on
internet access and the existence of internet infrastruc‐
ture, computing equipment, network connection speed,
etc. In time, the emphasis shifted from access to vari‐
ables related to abilities and skills, attitudes, purposes
and character of use, and more (Hilbert, 2011; Lev‐On
& Lissitsa, 2018; Lissitsa & Lev‐On, 2014; Livingstone
& Helsper, 2007; Steinfeld et al., 2021; van Dijk, 2005,
2006). People’s motivation for using technology has
become a central element of digital inequality. This
motivation depends on personal, psychological, cultural,
and social aspects. Personal explanations for low user
motivation include fear of technology—feeling discom‐
fort, stress, or anxiety when encountering a computer—
alongside personality characteristics such as anxiety
or introversion.

Members of social groups vary in their attitudes
towards technology according to their place in society.
For example, members of vulnerable minorities may
develop negative attitudes towards technology as a
reflection of a weakened social status. Limited access to
technologymight lead to anxiety, fear, and distrust in ICTs
and, in turn, lead to avoidance. The cultural perspective
suggests that employment prestige and attitudes towards
ICT will be positively correlated with access and diver‐
sity of ICT use. Mesch et al. (2013), for example, found
that despite differences in education level and income
between Israeli Arabs and Jews, the main inequality in
digital access between the groups is linked to changes
in employment prestige and attitude toward technology,
stemming mainly from a deprived social standing.

1.2. Socio‐Demographic and Other Variables Associated
With Digital Inequality

This article examines whether socio‐demographic or cul‐
tural variables influence the motivations to join courses
aiming at bridging the digital divide and the knowledge
gained from participating in such classes.

Digital inequality research focuses on factors that
may explain the differences in internet access and use.
Such factors include age, gender, education and socio‐
economic status, ethnicity, and religiosity (Scheerder
et al., 2017). Below is a brief overview of the studies
relating to these variables. Next, we review the socio‐
demographic and cultural variables known from the lit‐
erature as having an impact on digital literacy and skills.

One of the most influential predictors of access to
and usage of the internet and digital technologies is age.
In general, older people are less keen on integrating digi‐
tal technologies into everyday life (Hargittai &Dobransky,
2017; Hargittai & Hinnant, 2008; Haight et al., 2014).
As age increases, the volume of internet use tends to
decrease (Helsper et al., 2009).

Early studies have claimed that women use the
internet less than men (Ono & Zavodny, 2003), but

recent research suggests that in terms of internet access,
digital inequality between women and men has dis‐
appeared (Blank & Groselj, 2014; Hargittai & Shafer,
2006). Still, digital inequality has not disappeared in ref‐
erence to usage and technological literacy (Robinson
et al., 2015). The main explanation for gender‐based
digital inequality is typically that men are encouraged
more than women from childhood to adopt digital
toys and become involved in digital games and classes.
This process peaks in adulthood, when eventually men
take more technology‐oriented positions compared to
women (van Dijk, 2012).

Early studies have found that education and socio‐
economic status are important predictors of differences
in internet access. Over the years, as internet usage has
become almost universal, these variables have lost their
power in predicting gaps in internet access. However,
studies show that they are still important in explain‐
ing differences regarding online usage patterns (Witte &
Mannon, 2010). Educated people are more likely to use
the internet to increase their human capital, resulting
in improved employment, financial and health‐service
options (Hargittai & Hinnant, 2008), compared to less
educated people, who do not similarly take advantage
of their access and skills to support their educational and
economic needs (Helsper & Galacz, 2009).

1.3. Digital Inequality in Israel: Arabs and
Ultra‐Orthodox Communities

Israeli society is composed of deeply divided enclaves,
communities secluded by choice (Douglas, 1985): mainly
Arab (e.g., Erdreich, 2016; Lev‐On & Lissitsa, 2015) and
Haredi (ultra‐Orthodox; e.g., Hakak & Rapoport, 2012;
Lev‐On et al., 2020; Sharabi & Kay, 2021).

While Arab and Jewish populations enjoy roughly the
same level of internet accessibility (Ganayem, 2018), the
uneven character of the utilization of online tools is evi‐
dent. For example, whereas as few as 30% of Jews do not
take advantage of online opportunities such as shopping
and making online payments, such behavior in Arab pop‐
ulations is commonplace, exhibited bymore than 70% of
internet users. There are diverse origins for such differ‐
ences in technology use and adoption. Firstly, the com‐
monness of “blue‐collar” employment among the Arab
populationmeans less exposure to technology. Secondly,
the lack of ability, skills, and general exposure in regards
to the internet may be the cause of overall negative atti‐
tudes and lack of motivation toward technological edu‐
cation among minorities (Mesch & Talmud, 2011).

Another expression of digital inequality is mani‐
fest in the patterns of internet usage among the ultra‐
Orthodox community, a phenomenon which is uniquely
Israeli. Ultra‐Orthodox communities are self‐segregated
by choice from the general Israeli society in an attempt
to maintain their close communities and unique lifestyle.
The internet presents a challenge and an adversary to
ultra‐Orthodox self‐isolation. Internet usage caused a

Media and Communication, 2022, Volume 10, Issue 4, Pages 347–356 348

https://www.cogitatiopress.com


general outcry among community rabbis during its early
years, with them forbidding all contact with the new
medium. However, over time, different approaches and
compromises have beenmade, allowing for a lift of inter‐
net sanctions and bans under certain circumstances—for
employment purposes, for instance (Lev‐On et al., 2020).

In any case, the ultra‐Orthodox community appears
to have increased its internet usage following changes in
society, as well as technological and economic develop‐
ments (Cohen, 2013). Changes in the economic makeup
of the ultra‐Orthodox community were key factors in
their technological evolution. Employment characteris‐
tics changed, and more ultra‐Orthodox businesses, insti‐
tutions, and organizations began to depend on the inter‐
net for their overall operation (Kahaner et al., 2017).
Despite these occupational changes, in 2015–2016, the
percentage of ultra‐Orthodox Jews who used the inter‐
net was equal to only half of the general population: a
43% user rate compared to the 86% non‐ultra‐Orthodox
user rate.

Bothminority groups, ultra‐Orthodox andArabs alike,
share another interesting similarity in regards to gen‐
der roles and the status of women. Both societies hold
patriarchal values; however, the practical role of women
in their families differs. Despite the inferior position of
women in ultra‐Orthodox societies in all religious and
intellectual aspects, they are often the main providers
of the household. This is to allow the men to pursue
the full‐time study of the Torah and dedicate them‐
selves to the study of religious texts as a “primary
vocation” (Stadler, 2009). The higher integration rates
of women in the workplace among the ultra‐Orthodox
results in greater practical and technological knowledge
amongwomen as opposed tomen, as they receivemuch
higher and more frequent exposure to technology in
their fields. The percentage of ultra‐Orthodox women
receiving training as software programmers and gaining
employment in Israel’s high‐tech industry is on the rise
(Lev‐On & Neriya‐Ben Shahar, 2011; Neriya‐Ben Shahar
& Lev‐On, 2011). Ultra‐Orthodox women receive occu‐
pational training in computer basics and software pro‐
gramming via the Haredi seminaries and colleges they
attend, while Haredi employment centers are populated
by young ultra‐Orthodox women in gender‐segregated
working environments (Raz & Tzruya, 2018).

In Arab society, despite a decrease in the digital gap
between men and women, the digital space is subject
to social and political pressures, and women’s use of it
is subject to standards set by society. For women, it is
important to maintain privacy in the virtual space since
they are subject to strict control and supervision from
their families and society. Moreover, the supervision of
Arab women on the internet is not just a matter of fam‐
ily and society—It is also a matter of power relations
(Abu‐Kishk, 2020).

The examples above demonstrate that digital
inequality is indeed associated with socio‐demographic
differences. Still, cultural differences are central in shap‐

ing perceptions and attitudes, as well as actual use pat‐
terns. However, cultural factors related to digital inequal‐
ity, and their role in affecting technology attitudes and
use in comparison to socio‐demographic factors, have
hardly been studied. Research has rarely attempted to
differentiate between sociodemographic and cultural
variables in the context of technology use, and certainly
not in the context of motivations to join internet and
computer literacy courses aiming at filling that gap. This
study aims to address this void in the scholarship.

2. Research Environment: The Lehava Program

Reducing digital inequality is a global objective by which
organizations hope to empower and promote the social,
economic, and political inclusion of disadvantaged pop‐
ulations. In Israel, too, there are several public, pri‐
vate, and third‐sector programs aimed at reducing digital
inequality. The Lehava program (for reducing the digital
divide in Israeli Society) was established in 2001 as the
government’s flagship program to increase the digital lit‐
eracy of disadvantaged populations.

The Ministry of Finance established the program
in 2001, and the Ministry of Science, Technology, and
Space later took over responsibility for it (Fisher &
Bandes‐Jacob, 2003). The program aimed to benefit citi‐
zens with low digital literacy, low socioeconomic status,
and limited access to advanced information technolo‐
gies. The program includes courses and activities which,
as of 2018, operate in 30 centers nationwide. Of these,
19 centers are dedicated to the general varied popula‐
tion, while four centers are situated in ultra‐Orthodox
cities, and seven are situated in Arab cities. The cen‐
ters operating in minority cities are typically composed
of the corresponding minority population. The general
population comprised 61% of the 63,000 participants
in the various 2016 Lehava activities, while the partici‐
pants of the ultra‐Orthodox centers comprised 22% and
the Arab centers 17%. Foundational introductory com‐
puter and internet classes in 2016 were taken by about
half of all program participants (Ministry of Science,
Technology and Space, 2017). The course is spread over
18 1.5‐hour sessions and covers issues such as familiar‐
ity with the computer, keyboard, and mouse, smart and
secure web browsing, searching for information online,
personal information management, using email, Israeli
e‐government websites, and social media. The common
denominator, across centers and populations, was the
majority of participants being women.

Two previous studies have assessed the impact
of Lehava (Fisher & Bandes‐Jacob, 2003; Zilka, 2012).
Both studies used questionnaires measuring partici‐
pants’ internet skills and information about and atti‐
tudes towards the internet. Pre‐ and post‐course ques‐
tionnaires were completed, and interviews were con‐
ducted with participants and instructors. In Fisher and
Bandes‐Jacob’s (2003) study, half of the participants
who came to the centers mainly to improve their online
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skills and become familiar with computers for per‐
sonal needs significantly improved their skills (accord‐
ing to self‐reports). Zilka (2012) found that 40% felt they
improved their skills, while 85% reported greater confi‐
dence in working with computers. Still, these and other
studies did not compare social‐economic and cultural
variables as predictors of joining computer and internet
literacy classes. They also did not compare these vari‐
ables as predictors of differences in knowledge gained
from these classes in order to understand the role of
social‐economic and cultural variables in the study of dig‐
ital inequalities and literacy. As such, this is the key con‐
tribution of the current study.

3. Research Questions

Based on these previous studies, our research questions
are the following:

• What predicts motivations to join computer and
internet literacy classes?

• What predicts the differences in knowledge gained
from these classes?

Following the literature review and to contribute to
the research gap in distinguishing between socio‐
demographic and cultural variables, we examine
whether the questions above are a function of sociode‐
mographic variables or of cultural factors manifested in
attitudes and perceptions.

4. Method

4.1. Pre‐Course Data Collection

The research planning and data collection were car‐
ried out in close cooperation with the Ministry of
Science and Technology and with Lehava center man‐
agers. We received a list of Lehava centers and their
managers from the Ministry of Science, Technology, and
Space, which oversees the program. This was done in
order to collect data about participants in the introduc‐
tory computer and internet classes

Data were collected from the introductory computer
and internet classes since they are the most elementary,
fundamental, and popular of all Lehava classes. As stated,
there are 30 Lehava centers across Israel, mainly in the
geographic periphery, but not all of them had introduc‐
tory classes during the data collection period. Ultimately,
data was collected from 12 Lehava centers in which
such classes were opened during the data collection
period and while maintaining geographic representa‐
tion, of which seven are centers for the Jewish pop‐
ulation (including the ultra‐Orthodox) and five for the
Arab population.

We decided to arrive in person at the centers and
distribute the paper questionnaires by researchers who
speak Hebrew and Arabic as a first language, according

to the population attending the center. The decision to
distribute the questionnaires in person was made after
the researchers realized that the presence of members
of the research team was needed to ensure that partic‐
ipants actually completed the surveys. These required
some 20 minutes and could often be quite challenging
for participants to finish in an online format. Many of the
participants were older people with low digital literacy
and fairly poor technical orientation, some lacking basic
computer skills. Hence, it was decided that the question‐
naires would be distributed on paper and not in a digi‐
tal format.

4.2. Post‐Course Data Collection

To examine the short‐term impact of participation in
the course, members of the research team returned to
the centers at the end of the course to collect data
once again.

Of the 179 participants who completed the pre‐
course questionnaire, 70 participants completed the
corresponding post‐course questionnaire. Among those
who completed both questionnaires, 39 belonged to the
Arab population, 23 to the general Jewish population,
and eight to the ultra‐Orthodox community. Note that
both pre‐ and post‐class data collection was finalized
shortly before the outbreak of Covid‐19.

4.3. Research Tool

In addition to the theoretical background, somevariables
known in the literature to impact digital inequalities have
been identified. The questionnaires contained questions
about the topics below.

The motivations for joining the course (self‐
development) were measured using a scale of 1 (not at
all) to 7 (to a great extent). Motivations included improv‐
ing computer literacy, familiarity with new technolo‐
gies, learning how to use different computer programs,
improving the ability to use the internet, social connec‐
tions, entertainment, and leisure. These motivations
were identified in a pilot study (see Lev‐On et al., 2020).

The variable Perceptions of Technology (Blank &
Reisdorf, 2012) was composed of the following state‐
ments: “It is easy for me to do things without tech‐
nology”; “with technology I can do things much bet‐
ter”; “I do not believe in technology”; “technologymakes
me nervous”; “it’s very hard for me to catch up on
technology”; and “I’m very open to new technologies.”
The options ranged from 1 (sympathy for technology)
to 5 (hostility towards technology).

The variable Perceptions of the Internet (Tsai et al.,
2001) was composed of the following statements: “I get
bored with using the internet”; “I am afraid to use the
internet in case I look stupid”; “when I use the internet
I am afraid I am going to do some damage”; “the inter‐
net makes me feel uncomfortable”; and “when I use the
internet, I am not sure what I am doing.” The options
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ranged from 1 (liking the internet) to 5 (reluctance to use
the internet).

The variable Activities on the Internet (an updated
version of Hargittai, 2004) was composed of 20 state‐
ments relating to internet activities, such as searching
for information, paying bills, investing in stocks, viewing
photos, and using social media. Each option had a scale
ranging between 1 (never use) and 6 (use multiple times
a day).

The variable Familiarity With Concepts About
Computers and the Internet (an updated version of
Hargittai, 2005) was composed of statements about the
levels of familiarity with nine concepts, such as favorites,
blogs, PDFs, etc. Each concept was introduced on a scale
between 1 (I do not know the concept) and 5 (I am very
familiar with the concept).

The variable Self‐Efficacy in Computer Usage
(Compeau & Higgins, 1995) was composed of five state‐
ments about one’s perceived ability to use the computer
to perform tasks. Each option was introduced on a scale
between 1 (total lack of confidence) and 10 (great deal
of confidence).

The variable Self‐Efficacy in Internet Usage (Wu &
Tsai, 2011) was composed of 20 statements about par‐
ticipants’ sense of confidence in their ability to perform
certain actions on the internet, such as downloading
images, printing content, searching for information, etc.
Each option was presented on a scale between 1 (total
lack of confidence) and 7 (a great deal of confidence).

Questions About Locus of Control (Valecha&Ostrom,
1974) concerns a sense of control over life, believing that
luck, the environment, or some external factors control
one’s life, versus believing that one controls events in
their life. The variable was introduced to our research
since studies demonstrated associations between locus
of control and computer literacy (Kay, 1990; Wingreen
& Blanton, 2001). Research explains this connection by
suggesting that users who have a high degree of com‐
puter literacy feel that they have more control over com‐
puters (computer locus of control). With the increasing
centrality of the internet in various aspects of life, it is
suggested that a high degree of internet literacy is asso‐
ciatedwith a higher degree of general locus of control, as
users believe that by successfully using the internet, they
have greater control over events in their life. In the ques‐
tionnaire, each option was on a scale between 1 (very
little) and 7 (to a very large extent). The original vari‐
able consisted of five statements, but the fourth state‐
ment (“what happens to me has nothing to do with my
actions”) decreased the reliability of the variable and
was removed.

We also asked about participants’ gender, age, fam‐
ily status, native language, country of origin, occupation,
income level, education level, area of residence, and reli‐
gious affiliation.

The questionnaire was translated from English into
both Hebrew and Arabic. The questionnaire in Hebrew
was disseminated at the centers intended for the Jewish

population, while the questionnaire in Arabic was dis‐
seminated at the centers serving Arabic speakers.

5. Findings

5.1. Descriptive Findings

Pre‐course data were collected from 179 participants:
76 participants took the classes in centers for the general
Jewish population, 25 in centers for the ultra‐Orthodox
Jews, and 78 in centers for Arabs.

More than 80% of the participants were women,
among both the Jewish and Arab populations.
Participants’ age ranged between 20 and 70, with the
average age of participants among the Jewish popula‐
tion about 50, compared to about 40 among the Arab
population. Just under half of the respondents (45%)
reported they are unemployed, in addition to 19% who
were retired. Most respondents (79%) stated that their
income was lower‐than‐average. The average number of
years of education was slightly lower than 12. Over half
of respondents reported using the internet at least once
a day before classes started.

The main motivations for joining the course were
familiarity with new technologies (62%), improving
computer literacy (62%), learning how to use com‐
puter programs (61%), and improving the ability to
use the internet (59%)—i.e., cognitive motivations
related to knowledge about technology, computers, and
the internet.

Below in Table 1, we present the statistical details
of the independent study variables (taken from the pre‐
course measurement).

The study population perceived both technology and
the internet as challenging. Regarding Perceptions of
Technology, on a scale of 1 (sympathy for technology)
and 5 (hostility towards technology), responses averaged
3.03. Regarding Perceptions of the Internet, on a scale
of 1 (liking the internet) and 5 (hostility towards the inter‐
net), respondents were on the liking side with an aver‐
age of 2.27. In general, participants seemed to shy away
from technologymore than from the internet. The preva‐
lent activities participants performed on the internet
were searching for news from Israel and from around the
world, and information on health, weather, and self‐help
(average = 2.7, SD = 1.2, 𝛼 = 0.94). The values of the other
independent variables appear in the table.

5.2. Predicting the Motivations to Join the Classes

Next, to answer the research questions, we performed
four logistic regressions to predict the main motiva‐
tions for joining the courses: familiarity with new tech‐
nologies, improving computer literacy, learning how
to use computer programs, and improving the abil‐
ity to use the internet. For the logistic regressions,
the various motivations for joining the course were
recoded as dichotomous variables (1–4 were coded as
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Table 1. Statistical details of independent study variables.

Independent variable Statistical details

Perceptions of Technology mean = 3.03 (scale of 1 to 5), SD = 0.86, 𝛼 = 0.67
Perceptions of the Internet mean = 2.27 (scale of 1 to 5), SD = 1.04, 𝛼 = 0.78
Familiarity With Concepts for Computer and Internet mean = 1.99 (scale of 1 to 5), SD = 1.22, 𝛼 = 0.93
Self‐Efficacy in Computer Usage mean = 4.87 (scale of 1 to 10), SD = 2.63, 𝛼 = 0.91
Self‐Efficacy in Internet Usage mean = 3.68 (scale of 1 to 7), SD = 1.94, 𝛼 = 0.94
Locus of Control mean = 4.53 (scale of 1 to 7), SD = 1.37, 𝛼 = 0.66).

lack of motivation, 5–7 were coded as existence of
motivation) due to the uneven distribution of answers.
All the regressions examined the impact of Locus of
Control, Internet Activities, Perceptions of Technology,
Perceptions of the Internet, Self‐Efficacy in Computer
Usage, and demographic variables—age, gender, educa‐
tion, income, and religious affiliation (ultra‐Orthodox or
not)—on the dependent variables.

5.2.1. Predicting the Motivation to Join the Course to
Become Familiar With New Technologies

A logistic regression was performed to examine the
impact of the independent variables on themotivation to
join the course to become familiarwith new technologies
andwas found to be statistically significant (𝜒2(1) = 14.83,
p < 0.001). The model predicted 47% (Nagelkerke R2)
of the variance of the motivation to join the course to
become familiar with new technologies (see Table 2).

The findings demonstrate that Perceptions of the
Internet can increase the chances of joining the course
based on the motivation to become familiar with new
technologies 0.157 times. The other independent vari‐
ables had no significant effect on the dependent variable.

5.2.2. Predicting the Motivation to Join the Course to
Improve Computer Literacy

A logistic regression was performed to examine the
impact of the independent variables on joining the
course based on the motivation of improving com‐
puter literacy. The model was statistically significant

(𝜒2(2) = 11.510, p < 0.001). The model predicted 43.2%
(Nagelkerke R2) of the variance of the motivation to join
the course for improving computer literacy (see Table 3).

The findings show that perceptions of computers can
increase the chances of joining the course for improv‐
ing computer literacy 24.079 times, and Perceptions of
the Internet can increase it 0.039 times. The other inde‐
pendent variables had no significant effect on the depen‐
dent variable.

5.2.3. Predicting the Motivation to Join the Course to
Learn How to Use Computer Programs

A logistic regression was performed to examine the
impact of the independent variables on joining the
course based on the motivation to learn to use com‐
puter software. The model was statistically significant
(𝜒2(1) = 6.022, p < 0.05) and predicted 20.3% (Nagelkerke
R2) of the variance of the motivation to join the course
to learn how to use computer programs (see Table 4).

The findings demonstrate that Perceptions of the
Internet can increase the chances of joining the course
for learning to use computer programs 0.37 times.
The other independent variables had no significant effect
on the dependent variable.

5.2.4. Predicting the Motivation to Join the Course to
Improve the Ability to Use the Internet

A logistic regression was performed to examine the
impact of the independent variables on joining the
course to improve the ability to use the internet.

Table 2. Logistic regression results for predicting the motivation to join the course to become familiar with new
technologies.

Independent variable B SE Wald Exp(B)

Perceptions of the Internet −1.854 0.6320 8.595** 0.157
Note: * p < 0.05, ** p < 0.01.

Table 3. Logistic regression results for predicting the motivation to join the course for improving computer literacy.

Independent variable B SE Wald Exp(B)

Perceptions of Technology 3.181 1.628 3.817* 24.076
Perceptions of the Internet −3.241 1.411 5.274* 0.0390
Note: * p < 0.05.
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Table 4. Logistic regression results for predicting themotivation to join the course to learn how to use computer programs.

Independent variable B SE Wald Exp(B)

Perceptions of the Internet −0.995 1.525 12.628* 0.370
Note: * p < 0.05.

The model was statistically significant (𝜒2(2) = 18.545,
p < 0.001) and predicted 41.6% (Nagelkerke R2) of the
variance of the motivation to join the course to improve
the ability to use the internet (see Table 5).

The findings demonstrate that Perceptions of the
Internet can increase the chances of joining the course
to improve the ability to use the internet 3.64 times,
and Activities on the Internet could increase the chances
0.469 times. The other independent variables had no sig‐
nificant effect on the dependent variable.

5.3. Predicting the Differences Between Familiarity With
Concepts Before and After the Courses

To predict the differences between Familiarity With
Concepts About Computers and the Internet, a multi‐
ple linear regression analysis was conducted in steps.
The variables entered into the regression model are
Locus of Control, Internet Activities, Perceptions of
Technology and of the Internet, and demographic
variables—gender, age, income, education, and religious
affiliation (ultra‐Orthodox or not).

We found that differences between familiarity with
the concepts can be explained by Perceptions of
Technology, followed by Locus of Control (F(2,21) = 7.598,
p < 0.01). The predictive variables explain 36.5% of the
variance of the variable differences between Familiarity
With Concepts. The other variables had no significant
effect on the dependent variable (see Table 6).

6. Discussion and Conclusions

Activities in many spheres of our lives have migrated to
the internet. Digital inequalities, such as differences in
internet access, capabilities, attitudes, and type of usage,
affect the ability of individuals and groups to perform

daily tasks online quickly and efficiently and get themost
out of it to suit their needs.

Digital inequality and the factors that predict it are
the subjects of much research, but research that deals
with the effectiveness of programs to reduce it is almost
non‐existent. The current study contributes to filling
the research gap in the field of evaluating programs to
reduce digital inequality, focusing on socio‐economic vs.
cultural variables through a study of Lehava, the most
extensive program in Israel dedicated to this aim. Data
was collected in the introductory computer and internet
classes, attended by about half of all project participants.

Examination of the variables that predict the motiva‐
tion to join a course demonstrates the centrality of cul‐
tural variables, notably perceptions regarding the inter‐
net that the participants had at the beginning of class.
Such perceptions do not develop during the course but
largely come from the social and cultural contexts of
the learners’ environment prior to taking the course.
Arguably, vulnerable minorities might have negative atti‐
tudes towards technology as a reflection of a weakened
social status, which may be the cause for these percep‐
tions. Such trajectories, however, require further study
to substantiate.

The main motivations for joining the course were
familiarity with new technologies, improving computer
literacy, learning how to use different computer pro‐
grams, and improving the ability to use the internet. All
are cognitive motivations related to knowledge about
technology, computers, and the internet.

This study adds to our knowledge in the field of digi‐
tal inequalities and digital literacy by demonstrating that
perceptions regarding the internet were the only predic‐
tor of all the motivations for joining the program. Our
finding indicates the importance of perceptions regard‐
ing the internet in the context of the courses. Knowledge

Table 5. Logistic regression results for predicting themotivation to join the course to improve the ability to use the internet.

Independent variable B SE Wald Exp(B)

Perceptions of the Internet 1.292 0.571 5.110* 3.640
Activities on the Internet −0.757 0.3950 3.674* 0.469
Note: * p < 0.05.

Table 6.Multiple regression in steps to predict differences in FamiliarityWith Concepts About Computers and the Internet.

Independent variable B SE 𝛽 R2

Perceptions of Technology 1.258 0.367 0.591** 0.247
Locus of Control −0.637 0.283 −0.379* 0.365
Note: * p < 0.05, ** p < 0.01.
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gains (differences between levels of familiarity with con‐
cepts after and before the class) were also predicted
mainly by participants’ perceptions of technology and
the internet. The findings demonstrate that cultural fac‐
tors are central in studying motivations to join computer
and internet literacy programs and the gains from them.
Note the lack of predictive power of gender.

The results of this study contribute to our under‐
standing of digital inequality and the programs aiming
at reducing it. Such understating can inform the design
and content of future computer and internet literacy pro‐
grams and the character of their publication and partici‐
pant recruitment, which should probably focus more on
cultural rather than socio‐economic factors.

The study demonstrates that although socio‐
demographic variables receive the most scholarly atten‐
tion, it is rather the cultural aspects—attitudes, percep‐
tions, and views of technology—that aremost influential
in predicting motivation as well as actual learning and
success in the course.
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